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Agenda
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● Introducción a la Generación de Nuevas Vistas y Representación de Superficies 3D
● NeRF: Modelo de Representación Implícita en 3D
● Extensiones y Desarrollos Avanzados de NeRF



¿Qué problema quiere solucionar?
Generación de nuevas vistas
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¿Para que lo quiere solucionar?

● Virtual tourism 
● Walk-throughs and photo tours
● Entertainment  
● AR / VR / XR
● More engaging interaction with pictures
● Video stabilization
● Data augmentation
● Content generation

Aplicaciones
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¿ Como se representa ?
Representación implícita
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New view



Representing 3D surfaces

Voxels Point cloudsMesh Depth 

Signed distance field Mixture of primitives
(e.g gaussian mixtures) 

Surface Normals

Explicit: 

Implicit: 
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Slide credit: Mod from Thomas Funkhouser @ 3DGV seminar and Ramamonjisoa @ENPC

Explicit and Implicit representations

Density 



Representing 3D surfaces
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Geometry representations

Slide credit: Matt Tancik @ ECCV22 Tut.



Representing 3D surfaces
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Implicit functions

Slide credit: Matt Tancik @ ECCV22 Tut.



More works on Implicit Functions for 3D shape

9

Occupancy networks

Slide credit: Matt Tancik @ Tubingen 



More works on Implicit Functions for 3D shape
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Deep Signed Distance Functions

Slide credit: Matt Tancik @ Tubingen 



More works on Implicit Functions for 3D shape
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Scene Representation Networks

Slide credit: Matt Tancik @ Tubingen 



More works on Implicit Functions for 3D shape
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Differentiable Volumetric Rendering

Slide credit: Matt Tancik @ Tubingen 



Converting Implicit Surfaces to meshes

Extract iso-surface  

Mesh

Marching Cubes Marching tetrahedra
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Implicit representation



Pros:
● Se puede definir la iso-surface sin agujeros (opuesto a PC)
● Puede adaptarse a cualquier topología (opuesto a Meshes e.g: de una esfera a un donut)
● Se puede representar con menos parámetros y de forma eficiente (opuesto a Voxels) 

■ Son altamente comprimibile (1-10 Mb)
● Son continuos en el espacio 3D

Cons:
○ No es trivial extraer la representación extrínseca 
○ Necesita pasos extra para visualizar las representaciones implícitas
● No todas las formas complejas pueden representarse de manera eficiente o precisa
● Modelo de renderización limitado: difícil de optimizar
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Representing 3D surfaces with Implicit Functions 



Neural Radiance fields (NeRF) 
Representation

NeRF: Neural Radiance fields 

[1] Mildenhall, Srinivasan, Tancik et al., NeRF: Representing Scenes as Neural Radiance Fields for View 
Synthesis, ECCV 2020

https://arxiv.org/pdf/2003.08934.pdf
https://arxiv.org/pdf/2003.08934.pdf


Neural Radiance fields (NeRF) 
Representation

Slide credit: Jon Barron



Neural Radiance fields (NeRF) 
Input images

Slide credit: Jon Barron
17



Neural Radiance fields (NeRF) 
Representation



Opacity

Neural Radiance field (NeRF) 

Predicted colors

Volume density

Opacity

19

Volumetric rendering with ray tracing

Expected color 
for a ray

Slide credit: Jon Barron



Neural Radiance field (NeRF) 
Volumetric rendering with ray tracing



Previous volume rendering for view synthesis

Slide credit: Matt



Neural Radiance fields (NeRF) 
Training process

[1] Nerf: Representing scenes as neural radiance fields for view synthesis, B Mildenhall, PP Srinivasan, M Tancik… - ECCV 2020 

Capture Scene

https://par.nsf.gov/servlets/purl/10301170


Neural Radiance fields (NeRF) 
Training process

[1] Nerf: Representing scenes as neural radiance fields for view synthesis, B Mildenhall, PP Srinivasan, M Tancik… - ECCV 2020 

Optimize NeRF Render New Views

https://par.nsf.gov/servlets/purl/10301170


Neural Radiance field (NeRF)
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Image Based Rendering



Neural Radiance field (NeRF)
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Inputs
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Calibrated Camera
Intrinsics and extrinsics



Neural Radiance field (NeRF)
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NeRF input

[1] Schonberger, J. L., & Frahm, J. M. (2016). Structure-from-motion revisited. CVPR (pp. 4104-4113).



Neural Radiance field (NeRF) 
Trick: Two pass filtering

Slide credit: Jon Barron



Neural Radiance field (NeRF) 
Trick: Two pass filtering

Slide credit: Jon Barron



Neural Radiance field (NeRF) 
Trick: Two pass filtering

Slide credit: Jon Barron



Neural Radiance field (NeRF) : Tricks
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Trick: Positional encoding

Slide credit: Matt Tancik @ ECCV22 Tut.



Neural Radiance field (NeRF) : Tricks
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Trick: Positional encoding

Slide credit: Matt Tancik @ ECCV22 Tut.



Neural Radiance field (NeRF) : Tricks
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Trick: Positional encoding

Slide credit: Matt Tancik @ ECCV22 Tut.



Neural Radiance field (NeRF) : Tricks
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Trick: Positional encoding

Slide credit: Matt Tancik @ ECCV22 Tut.



Neural Radiance field (NeRF) : Tricks
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Trick: Positional encoding

Slide credit: Matt Tancik @ ECCV22 Tut.[1] Tancik, Srinivasan, Mildenhall et al., Fourier Features Let Networks Learn High Frequency Functions in Low Dimensional 
Domains, NeurIPS 2020

https://arxiv.org/pdf/2006.10739.pdf
https://arxiv.org/pdf/2006.10739.pdf


Neural Radiance field (NeRF) : Tricks
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Trick: Positional encoding with Fourier features

Fourier features let networks learn high frequency functions in low dimensional domains, M Tancik, P 
Srinivasan, B Mildenhall

https://proceedings.neurips.cc/paper/2020/hash/55053683268957697aa39fba6f231c68-Abstract.html
https://scholar.google.com/citations?user=l0Bj7U8AAAAJ&hl=ca&oi=sra
https://scholar.google.com/citations?user=aYyDsZ0AAAAJ&hl=ca&oi=sra
https://scholar.google.com/citations?user=aYyDsZ0AAAAJ&hl=ca&oi=sra
https://scholar.google.com/citations?user=NozIDL8AAAAJ&hl=ca&oi=sra


Neural Radiance field (NeRF)
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Results

https://docs.google.com/file/d/120xWbq_Ot3IVRGgkPk5ySBCVbNrBcsgG/preview


Neural Radiance field (NeRF)
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Results

https://docs.google.com/file/d/1gpis8zAAlYeFPXBo5uPaQOCLCkl0Duan/preview


New view synthesis metrics

PSNR SSIM LPIPS

[1] Zhou Wang, Eero P Simoncelli, and Alan C Bovik. Multiscale structural similarity for image quality assessment. Asilomar Conference on Signals, Systems & Computers, 2003.

[2]. Zhang, R., Isola, P., Efros, A.A., Shechtman, E., Wang, O.: The unreasonable effectiveness of deep features as a perceptual metric. In: CVPR (2018) 38



Limitations original NeRF 
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Family
Natural Images

[1] Nerf in the wild: Neural radiance fields for unconstrained photo collections, R Martin-Brualla, N Radwan… - CVPR21 2021 40

http://openaccess.thecvf.com/content/CVPR2021/html/Martin-Brualla_NeRF_in_the_Wild_Neural_Radiance_Fields_for_Unconstrained_Photo_CVPR_2021_paper.html
https://scholar.google.com/citations?user=9F59OCYAAAAJ&hl=es&oi=sra
https://scholar.google.com/citations?user=g98QcZUAAAAJ&hl=es&oi=sra


Family
Natural Images

[1] Nerf in the wild: Neural radiance fields for unconstrained photo collections, R Martin-Brualla, N Radwan… - CVPR21 2021 41

http://openaccess.thecvf.com/content/CVPR2021/html/Martin-Brualla_NeRF_in_the_Wild_Neural_Radiance_Fields_for_Unconstrained_Photo_CVPR_2021_paper.html
https://scholar.google.com/citations?user=9F59OCYAAAAJ&hl=es&oi=sra
https://scholar.google.com/citations?user=g98QcZUAAAAJ&hl=es&oi=sra


Family
Natural Images

[1] Nerf in the wild: Neural radiance fields for unconstrained photo collections, R Martin-Brualla, N Radwan… - CVPR21 2021 42

http://openaccess.thecvf.com/content/CVPR2021/html/Martin-Brualla_NeRF_in_the_Wild_Neural_Radiance_Fields_for_Unconstrained_Photo_CVPR_2021_paper.html
https://scholar.google.com/citations?user=9F59OCYAAAAJ&hl=es&oi=sra
https://scholar.google.com/citations?user=g98QcZUAAAAJ&hl=es&oi=sra
https://docs.google.com/file/d/1yHW2r_Gj4cdUoI-8d6FNtTh5pe1oSrkv/preview


Family
Pose Estimation

[2] Barf: Bundle-adjusting neural radiance fields, CH Lin, WC Ma, A Torralba…, ICCV2021 43

http://openaccess.thecvf.com/content/ICCV2021/html/Lin_BARF_Bundle-Adjusting_Neural_Radiance_Fields_ICCV_2021_paper.html
https://scholar.google.com/citations?user=tjjniXEAAAAJ&hl=ca&oi=sra
https://scholar.google.com/citations?user=SVIdh6AAAAAJ&hl=ca&oi=sra
https://scholar.google.com/citations?user=8cxDHS4AAAAJ&hl=ca&oi=sra


Family
Faster Training and Inference

[4] Instant Neural Graphics Primitives with a Multiresolution Hash Encoding, T Müller, A Evans, C Schied, A Keller, Sigraph 2022 44

https://arxiv.org/abs/2201.05989
https://scholar.google.com/citations?user=csrnbFYAAAAJ&hl=en&oi=sra
https://scholar.google.com/citations?user=ToqGImkAAAAJ&hl=en&oi=sra
https://scholar.google.com/citations?user=STYtYHwAAAAJ&hl=en&oi=sra
https://scholar.google.com/citations?user=kqyUhBIAAAAJ&hl=en&oi=sra


Family
Faster Training and Inference

[4] Instant Neural Graphics Primitives with a Multiresolution Hash Encoding, T Müller, A Evans, C Schied, A Keller, SIGGRAPH 2022 45

https://docs.google.com/file/d/1ryfglZaCYgH4ELooCPQs10qIeaeMIi9M/preview
https://arxiv.org/abs/2201.05989
https://scholar.google.com/citations?user=csrnbFYAAAAJ&hl=en&oi=sra
https://scholar.google.com/citations?user=ToqGImkAAAAJ&hl=en&oi=sra
https://scholar.google.com/citations?user=STYtYHwAAAAJ&hl=en&oi=sra
https://scholar.google.com/citations?user=kqyUhBIAAAAJ&hl=en&oi=sra


Family
Multi-scale: Aliasing problem

Figure credit: https://www.kistler.com/sampling-rate-and-aliasing-effect
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Family
Multi-scale: Flickering problem

Slide credit: Pratul Srinivasan @ ECCV22 Tut. 47



Family
Multi-scale:  Aliasing or Flickering problem

Slide credit: Pratul Srinivasan @ ECCV22 Tut. 48



Family
Multi-scale

[3] Mip-nerf: A multiscale representation for anti-aliasing neural radiance fields, JT Barron, B Mildenhall, M Tancik…, ICCV2021
49

http://openaccess.thecvf.com/content/ICCV2021/html/Barron_Mip-NeRF_A_Multiscale_Representation_for_Anti-Aliasing_Neural_Radiance_Fields_ICCV_2021_paper.html
https://scholar.google.com/citations?user=jktWnL8AAAAJ&hl=ca&oi=sra
https://scholar.google.com/citations?user=NozIDL8AAAAJ&hl=ca&oi=sra
https://scholar.google.com/citations?user=l0Bj7U8AAAAJ&hl=ca&oi=sra


Family
Multi-scale

[3] Zip-NeRF: Anti-aliased grid-based neural radiance fields, JT Barron, B Mildenhall, D Verbin…, ICCV2023 50

https://arxiv.org/abs/2304.06706
https://scholar.google.com/citations?user=jktWnL8AAAAJ&hl=ca&oi=sra
https://scholar.google.com/citations?user=NozIDL8AAAAJ&hl=ca&oi=sra
https://scholar.google.com/citations?user=r2CioPsAAAAJ&hl=ca&oi=sra
https://docs.google.com/file/d/1UpBIgTE2ipcJWol8IHDKLQR0vjBlPQ1f/preview


Family
Generalizable 

[1] Pixelnerf: Neural radiance fields from one or few images, A Yu, V Ye, M Tancik… CVPR 2021 

3 Input Views pixelNeRF

51

http://openaccess.thecvf.com/content/CVPR2021/html/Yu_pixelNeRF_Neural_Radiance_Fields_From_One_or_Few_Images_CVPR_2021_paper.html
https://scholar.google.com/citations?user=LltfiXgAAAAJ&hl=en&oi=sra
https://scholar.google.com/citations?user=UFo0PcAAAAAJ&hl=en&oi=sra
https://scholar.google.com/citations?user=l0Bj7U8AAAAJ&hl=en&oi=sra


Family
Real-time Generalizable 

[5] Efficient neural radiance fields for interactive free-viewpoint video, H Lin, S Peng, Z Xu, Y Yan, Q Shuai, H Bao, X Zhou - SIGGRAPH 2022
52

https://docs.google.com/file/d/1W3T4uBMNeoFM4m6-Zc-AskWcO-G4PPOz/preview
https://dl.acm.org/doi/abs/10.1145/3550469.3555376
https://scholar.google.com/citations?user=uHiT0CYAAAAJ&hl=ca&oi=sra
https://scholar.google.com/citations?user=l9NCksYAAAAJ&hl=ca&oi=sra
https://scholar.google.com/citations?user=7LUQ3TYAAAAJ&hl=ca&oi=sra
https://scholar.google.com/citations?user=_kvj3i8AAAAJ&hl=ca&oi=sra
https://scholar.google.com/citations?user=51lY6vIAAAAJ&hl=ca&oi=sra
https://scholar.google.com/citations?user=AZCcDmsAAAAJ&hl=ca&oi=sra
https://scholar.google.com/citations?user=E1vVpg4AAAAJ&hl=ca&oi=sra


Family
Depth input data

[6] Depth-supervised nerf: Fewer views and faster training for free, K Deng, A Liu, JY Zhu… - CVPR 2022
53

https://openaccess.thecvf.com/content/CVPR2022/html/Deng_Depth-Supervised_NeRF_Fewer_Views_and_Faster_Training_for_Free_CVPR_2022_paper.html
https://scholar.google.com/citations?user=esqd1TgAAAAJ&hl=es&oi=sra
https://scholar.google.com/citations?user=tZprM8IAAAAJ&hl=es&oi=sra
https://scholar.google.com/citations?user=UdpacsMAAAAJ&hl=es&oi=sra


Family
Depth input data

[6] Depth-supervised nerf: Fewer views and faster training for free, K Deng, A Liu, JY Zhu… - CVPR 2022

DSNeRF NeRF

54

https://openaccess.thecvf.com/content/CVPR2022/html/Deng_Depth-Supervised_NeRF_Fewer_Views_and_Faster_Training_for_Free_CVPR_2022_paper.html
https://scholar.google.com/citations?user=esqd1TgAAAAJ&hl=es&oi=sra
https://scholar.google.com/citations?user=tZprM8IAAAAJ&hl=es&oi=sra
https://scholar.google.com/citations?user=UdpacsMAAAAJ&hl=es&oi=sra


Family
Compositionally

[13] Neural scene graphs for dynamic scenes, J Ost, F Mannan, N Thuerey… - CVPR 2021 55

http://openaccess.thecvf.com/content/CVPR2021/html/Ost_Neural_Scene_Graphs_for_Dynamic_Scenes_CVPR_2021_paper.html
https://scholar.google.com/citations?user=mUbWwU4AAAAJ&hl=es&oi=sra
https://scholar.google.com/citations?user=TsINiJcAAAAJ&hl=es&oi=sra
https://scholar.google.com/citations?user=GEehwv8AAAAJ&hl=es&oi=sra


Family
Compositionally

[13] Neural scene graphs for dynamic scenes, J Ost, F Mannan, N Thuerey… - CVPR 2021 56

http://openaccess.thecvf.com/content/CVPR2021/html/Ost_Neural_Scene_Graphs_for_Dynamic_Scenes_CVPR_2021_paper.html
https://scholar.google.com/citations?user=mUbWwU4AAAAJ&hl=es&oi=sra
https://scholar.google.com/citations?user=TsINiJcAAAAJ&hl=es&oi=sra
https://scholar.google.com/citations?user=GEehwv8AAAAJ&hl=es&oi=sra


Family
Large Scale

[1] Mega-NeRF: Scalable Construction of Large-Scale NeRFs for Virtual Fly-Throughs, H Turki, D Ramanan… - CVPR 2022
[2] Block-nerf: Scalable large scene neural view synthesis, M Tancik, V Casser, X Yan, S Pradhan… - CVPR 2022 57

http://www.youtube.com/watch?v=3s8mVDXpc9U&t=261
https://openaccess.thecvf.com/content/CVPR2022/html/Turki_Mega-NERF_Scalable_Construction_of_Large-Scale_NeRFs_for_Virtual_Fly-Throughs_CVPR_2022_paper.html
https://scholar.google.com/citations?user=fuCTftEAAAAJ&hl=es&oi=sra
https://scholar.google.com/citations?user=9B8PoXUAAAAJ&hl=es&oi=sra
http://www.youtube.com/watch?v=6lGMCAzBzOQ&t=37
http://openaccess.thecvf.com/content/CVPR2022/html/Tancik_Block-NeRF_Scalable_Large_Scene_Neural_View_Synthesis_CVPR_2022_paper.html
https://scholar.google.com/citations?user=l0Bj7U8AAAAJ&hl=en&oi=sra
https://scholar.google.com/citations?user=vIewY1EAAAAJ&hl=en&oi=sra
https://scholar.google.com/citations?user=xfskSZEAAAAJ&hl=en&oi=sra
https://scholar.google.com/citations?user=5mJUkI4AAAAJ&hl=en&oi=sra


Family
Temporal representation (static with little deformation)

[9] Nerfplayer: A streamable dynamic scene representation with decomposed neural radiance fields, L Song, A Chen, Z Li, Z Chen, L Chen

58

https://ieeexplore.ieee.org/abstract/document/10049689/
https://scholar.google.com/citations?user=Kl4T9FYAAAAJ&hl=ca&oi=sra
https://scholar.google.com/citations?user=fuR1FBwAAAAJ&hl=ca&oi=sra
https://scholar.google.com/citations?user=C-wK73YAAAAJ&hl=ca&oi=sra
https://scholar.google.com/citations?user=4MIbSrAAAAAJ&hl=ca&oi=sra
https://scholar.google.com/citations?user=H71yt54AAAAJ&hl=ca&oi=sra


Family
Deformable (single object, complex motion)

[8] Banmo: Building animatable 3d neural models from many casual videos, G Yang, M Vo, N Neverova - CVPR 2022
59

http://openaccess.thecvf.com/content/CVPR2022/html/Yang_BANMo_Building_Animatable_3D_Neural_Models_From_Many_Casual_Videos_CVPR_2022_paper.html
https://scholar.google.com/citations?user=yRaFnrcAAAAJ&hl=ca&oi=sra
https://scholar.google.com/citations?user=H4g_IKkAAAAJ&hl=ca&oi=sra
https://scholar.google.com/citations?user=cLPaHcIAAAAJ&hl=ca&oi=sra


Family
Human Modelling: Pre-defined model

[10] Humannerf: Free-viewpoint rendering of moving people from monocular video, CY Weng, B Curless, PP Srinivasan - CVPR2022
60

http://openaccess.thecvf.com/content/CVPR2022/html/Weng_HumanNeRF_Free-Viewpoint_Rendering_of_Moving_People_From_Monocular_Video_CVPR_2022_paper.html
https://scholar.google.com/citations?user=giBLsYgAAAAJ&hl=ca&oi=sra
https://scholar.google.com/citations?user=tlh8i7gAAAAJ&hl=ca&oi=sra
https://scholar.google.com/citations?user=aYyDsZ0AAAAJ&hl=ca&oi=sra
https://docs.google.com/file/d/11JHuMpaNzhwZeC0chuFKOzqgW0NBm1bs/preview


Family
Face Modelling

[11] Dynamic neural radiance fields for monocular 4d facial avatar reconstruction, G Gafni, J Thies, M Zollhofer, M Nießner - CVPR2021 61

http://openaccess.thecvf.com/content/CVPR2021/html/Gafni_Dynamic_Neural_Radiance_Fields_for_Monocular_4D_Facial_Avatar_Reconstruction_CVPR_2021_paper.html
https://scholar.google.com/citations?user=PATfNhwAAAAJ&hl=ca&oi=sra
https://scholar.google.com/citations?user=4vpQvuwAAAAJ&hl=ca&oi=sra
https://scholar.google.com/citations?user=eQ8ZIG4AAAAJ&hl=ca&oi=sra
https://scholar.google.com/citations?user=eUtEs6YAAAAJ&hl=ca&oi=sra


Family
Surface Reconstruction

NeRF to Mesh
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Family
Surface Reconstruction

[12] Neuralangelo: High-Fidelity Neural Surface Reconstruction, Z Li, T Müller, A Evans, RH Taylor - CVPR2023
63

https://docs.google.com/file/d/1JkZ6hj1Il921vi_SVvZhsRsmT7GdwGhZ/preview
http://openaccess.thecvf.com/content/CVPR2023/html/Li_Neuralangelo_High-Fidelity_Neural_Surface_Reconstruction_CVPR_2023_paper.html
https://scholar.google.com/citations?user=oc7JNSwAAAAJ&hl=ca&oi=sra
https://scholar.google.com/citations?user=csrnbFYAAAAJ&hl=ca&oi=sra
https://scholar.google.com/citations?user=ToqGImkAAAAJ&hl=ca&oi=sra
https://scholar.google.com/citations?user=Ph16U5wAAAAJ&hl=ca&oi=sra


Family
Panoptic classification

[14] PanopticNeRF-360: Panoramic 3D-to-2D Label Transfer in Urban Scenes, X Fu, S Zhang, T Chen, Y Lu, X Zhou, A Geiger, Y Liao

64

https://arxiv.org/abs/2309.10815
https://scholar.google.com/citations?user=BFrwjwgAAAAJ&hl=ca&oi=sra
https://scholar.google.com/citations?user=FUDsZkEAAAAJ&hl=ca&oi=sra
https://scholar.google.com/citations?user=ZuDfZR8AAAAJ&hl=ca&oi=sra
https://scholar.google.com/citations?user=SrVnrPcAAAAJ&hl=ca&oi=sra
https://scholar.google.com/citations?user=lTBMax0AAAAJ&hl=ca&oi=sra


Family
Reflection modeling and surface consistency

Reflections -> Foggy volumes

[15] Ref-nerf: Structured view-dependent appearance for neural radiance fields, D Verbin, P Hedman, B Mildenhall - CVPR2022

Texture and normals

65

https://ieeexplore.ieee.org/abstract/document/9879796/
https://scholar.google.com/citations?user=r2CioPsAAAAJ&hl=ca&oi=sra
https://scholar.google.com/citations?user=dNCrPskAAAAJ&hl=ca&oi=sra
https://scholar.google.com/citations?user=NozIDL8AAAAJ&hl=ca&oi=sra


Family
Inverse rendering

[1] Neural Microfacet Fields for Inverse Rendering, A Mai, D Verbin, F Kuester, S Fridovich-Keil, ICCV 2023 

66

https://openaccess.thecvf.com/content/ICCV2023/html/Mai_Neural_Microfacet_Fields_for_Inverse_Rendering_ICCV_2023_paper.html
https://scholar.google.com/citations?user=QG4shWwAAAAJ&hl=en&oi=sra
https://scholar.google.com/citations?user=r2CioPsAAAAJ&hl=en&oi=sra
https://scholar.google.com/citations?user=mQ_NwUIAAAAJ&hl=en&oi=sra
https://scholar.google.com/citations?user=9xF7M6wAAAAJ&hl=en&oi=sra
https://docs.google.com/file/d/1Z3k7s5rZVFjNSKCVq000nGpLapaKLLwX/preview


Conclusions

Slide credit: Matt Tancik @ ECCV22 Tut. 67



Conclusions

- Talks
- Jon Barron - Understanding and Extending Neural Radiance Field, 2020 [Talk at MIT][Talk at TUM]
- Matthew Tancik: Neural Radiance Fields for View Synthesis, 2020 [Talk at Tubingen]

- Tutorials
- CVPR2022: Neural Fields in Computer Vision
- ECCV2022: Neural Volumetric Rendering for Computer Vision
- SIGGRAPH 2021 Course: Advances in Neural Renderin
- CVPR 2020: Tutorial on Neural Rendering

- Compilations of papers
- https://github.com/awesome-NeRF/awesome-NeRF
- https://paperswithcode.com/task/novel-view-synthesis

- Libraries
- NeRF Studio

Material
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https://www.youtube.com/watch?v=HfJpQCBTqZs
https://www.youtube.com/watch?v=nRyOzHpcr4Q&t=689s
https://www.youtube.com/watch?v=dPWLybp4LL0
https://neuralfields.cs.brown.edu/cvpr22.html
https://sites.google.com/berkeley.edu/nerf-tutorial/home
https://www.neuralrender.com
https://justusthies.github.io/posts/neuralrenderingtutorial_cvpr/
https://github.com/awesome-NeRF/awesome-NeRF
https://docs.nerf.studio
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